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Elastic-net Regularization/Multi Kernel Learning Algorithm
Based on AdaBoost
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[ Abstract] In régularization multi kernel learning, the sparse kernel funetion ‘weight leads to the loss of useful
information and,the degradation of generalization performance, while selecting all kernel functions through non-sparse
models generatesmmore redundant information and is sensitivity to noise. Aiming at these problems, an elastic-net
regularization multi‘kernel learning algorithm based on AdaBoost architecture is proposed. When the basic classifier is
selected at each iteration,the weight of the kernel function is added with the elastic-net regularization, that is, mixed L,
norm and L, norm constraints. The basic classifier are constructed based on multi basic kernel optimal convex
combinations, which are integrated into the final strong classifier-"Experimental results show that the proposed algorithm
can balance the sparsity and non-sparsity of the weight in Kernel function while preserving the advantages of the integrated
algorithm. Compared with L,-MKL and L,-MKL algorithms, it can obtain the classifier with higher classification accuracy
in fewer iterations.
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