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Research on IoT Nodes Localization Technology Based on Fruit Fly Algorithm

GUO Yue, WANG Hongjun, XIE Mengqi
(College of Electronic' Countermeasure , National University of Defense Technology, Hefei 230037 , China)

[ Abstract] The location-based service is one of the most potential applications of Internet of Things(IoT ). Providing
reliable localization information becomes an important indicator to measure the technology standard of [oT. In order to
effectively locate' the unknown nodes and improve the low localization accuracy and slow convergence speed of Fruit Fly
Optimization Algorithm ( FOA ) , this paper proposes an improved localization method of IoT nodes based on fruit fly
algorithm. This method adopts the bounding-box algorithm to set the initial range of FOA localization and rebuilds the
smell concentration function. Then the appropriate number of measurement nodes and the scale of population are selected
to realize the balance between dynamic characteristics and localization accuracy. Experimental results show that compared
with algorithms such as FOA and Particle Swarm Optimization ( PSO) , the proposed algorithm has better localization
accuracy and convergence speed. Moreover, the improved stability can meet the localization requirements.

[ Key words] localization; Internet of Things ( IoT )= Fruit Fly Optimization Algorithm (FOA); bounding-box algorithm;
initial range; smell concentration
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Fig.2 Schematic diagram of bounding-box algorithm
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