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[ Abstract] With the rapid development of drone technology ,airborne Symthetic Aperture Radar( SAR) has become the
main remote sensing solution for cloudy and hilly areas due to ‘its high resolution, high maneuverability, and low cost.
However,the computing resources of airborne SAR are limited and its analysis process is time-consuming, which reduces
the responsiveness of drones to external environment. Therefores this paper describes the implementation of an OpenCL-
based parallel optimization strategy on the ARM Mali-T860 GPU architecture for the multi-view processing, rotation
scaling and image quantization algorithms in aifborne, SAR imaging. The optimization strategy is designed to simplify
calculations , optimize memory access,and reduce conditional branches. Experimental results show that compared with the
CPU-based SAR imaging algorithms, the performance of optimized multi-view processing, rotation scaling and image
quantization algorithms is 17 ~ 62 times,48,~ 74 times, and 31 ~ 33 times respectively what it was, and the optimized
algorithms can be used for cross-platform.\applications.
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