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RDF. Grouping Compression Based on Delta Encoding
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[ Abstract] With the development of semantic Web technology, the volume of Resource Description Framework ( RDF)
data is increasing .rapidly along with its demand for storage space and transmission bandwidth. Existing general
compression methods and RDF-specific compression methods canssolve this problem,but still suffer from a lack of data
redundancy. To this end, this paper proposes an RDF grouping compression algorithm based on delta encoding. The
algorithm groups RDF data according to the combination of predicates connected to the object,so as to further reduce
predicate redundancy while eliminating object redundancy. On this basis, it further optimizes the storage space of the
grouped subject sequence data by introducing delta coding technology. Experimental results show that,compared with the
Plain ,HDT and HDT + + algorithm, this algorithm improves the performance by 17% on average in less structured
datasets including Archives Hub, Linkedmdb’, rdfabout and DBpedia, meanwhile improves performance by 23% on
average in highly structured dataset dbtune’, which demonstrates that the proposed algorithm has better RDF compression
performance in datasets with different degrees of structure.

[ Key words] sematic Web; Resource Description Framework ( RDF) ; degree of structure; data compression; delta
encoding
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Fig.4 Running times of compression and decompression
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Table 3 Comparison of compression results by

different algorithms MB

B Plain %3 HDT &3 HDT ++ &3 DGC #ik
Archives Hub 2.56 1.39 0.83 0.68
Linkedmdb 35.91 22.54 14.24 12.30
rdfabout 116.32 63.84 35.72 29.12
dbtune 400. 36 242.05 132.10 101. 64
DBpedia 3 497.36 1 839.08 1 523.72 1210.40

3 3 Al IL,DGC 7£ 5 HDT ++ A9 % tb A B
T 18% B 1k - 16 45 # 1 72 B 1K A B0 40 46
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