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[ Abstract] To address the rule redundancy and logical conflicts of the sequential execution method of traditional rule
chains applied to massive Data Cleaning( DC) task,this paper proposes an automatic combination and detection method
for rule chains. A three-layer rule base including general, field-specific and customized layers is designed based on the
context information. Then a Rule Chain Combination Model (RCCM) is established based on Petri Net( PN) to realize
the automatic generation of rule chains, the detection of logical correctness and state accessibility, as well as the
optimization of rule chains. The proposed method takes the DC application in the field of poverty alleviation in a certain
area as an example. Experimental results on RCCM ‘implementation show that the proposed method can significantly
reduce generated error data and improves the‘quality and efficiency of DC.
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Fig.3 Execution process of RCCM model in poverty alleviation field
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Table 4 Comparison of experimental results of the proposed method and traditional rule chain sequential execution method
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