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Text Semantic Matching Model'Based on Multi-Angles Information Interaction

WENG Zhaoqi,ZHANG Lin
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[ Abstract] The existing semantic text matching methods are mostly based on a simple attention mechanism for interactions,
and less consideration,is/given to-the structural information of the text itself and the original information interactions between
the texts.To address the'semantic matching between two Chinese texts, a text matehing model, MAII, is proposed based on
multi-angle information interactions.The model calculates the deep-level semantic interaction matrix of the two texts at the
granularity level, loeal level and global level respectively. At the same time, the interactions between the word order
information , the interactions between structural information, and the internal dependencies of the two texts are also considered.
On this basis, a semantic vector with rich information is obtainedjand then the semantic matching degree between the two
texts is calculated through semantic reasoning.Experimental reSults show that compared to DSSM, ESIM and DIIN models
that perform well on the English data sets, the MAII model exhibits better performance on the Chinese data set of CCKS 2018
Question Matching Competition with the accuracy réaching.77.77%.
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