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[Abstract] As the largest online code hosting platform in the wofld, ‘GitH@b provides rich learning resources for
software development learners. However, faced with such richsand ‘¢omplex GitHub content, beginners in software
development often encounter difficulties in forming suitable.search téxts to search effectively when using the search
function of GitHub to search for the learning resources_they need"because of their unclear requirements or lack of
relevant knowledge and experience. To address this problem, this study designs a GitHub software development
knowledge graph combining the potential hierarchicalbstructure of GitHub topics with the domain knowledge of
software development in Wikipedia and proposes a GitHub hierarchical learning and retrieval service based on the
knowledge graphs. The feasibility and effectiveness,of the proposed hierarchical learning and retrieval service are
verified through comparative experiments andsquestionnaires.
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Table 5 Survey results of length of retrieval path extended

for users through hierarchical retrieval service

SRR IERIRE ERMEE AR
= OKERIR KER2ZH KERIM  FHER

FPml/ % RS E/ % P/ % AR E
ESLIN 37.0 25.9 37.0 2.00
Zh 2 6.5 12.9 80. 6 2.74

x6 BERURZERSURERFESAPERNER LI
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Table 7 Statistics of user recognition of providing next search

options to help clarify their needs and search direction
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