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Solving Method of Grid Granularity in Spatial Data Clustering

CHEN Xi, MA Yi-feng
(College of Computer and Communication Engineering, Changsha University of Science and Technology, Changsha 410114, China)
[Abstract] This paper proposes a solving method of grid granularity in spatial data clustering. It ascertains the optimum grid granularity and

density threshold on the basis of the situation in which dense and sparse grid is generated during the procedure of grid dynamical partitioning. Using

an optimum density threshold and corresponding grid granularity can be ascertained with a set of given density thresholds. It gives the algorithm

based on the proposed method and the time complexity analysis. Experimental results show the validity of the algorithm.
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