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[ Abstract] In order to improve the accuracy rate of pain expression recognition, a method is proposed based on Supervised Locality
Preserving Projections(SLPP) and Multiple Kernel Linear Mixture Support Vector Machinesc MKLMSVM). The SLPP using prior class
label information is adopted for extracting feature of pain expression, which can solve the problem that LPP ignores the within-class local
structure without the use of the prior class label information, and then MKLMSVM is employed for recognizing pain expression.
Experimental results demonstrate that the accuracy of the proposed approach can reach 88.56%, and is significantly better than the Active
Appearance Models(AAM), compared with normal Support Vector Machine(SVM), which can improve the interpretability of decision
function and classifier performance.
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