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[ Abstract] At present,in the research field of social network trust degree prediction, most proposed models or algorithms
just are suitable for small-scale network,or have bad efficiency in large-scale network. To solve this problem , considering
the node topological structure information and the user trust rate information in the network, a trust degree prediction
algorithm for large-scale social network is proposed. The large-scale social network is reduced to a trust graph,and the
trust degree between users is calculated on the trust graph. The topological structure information of nodes can be

calculated under line. Experimental results show that,compared with the typical trust prediction algorithm Tidal Trust and

SWTrust, the proposed algorithm has higher prediction accuracy and computational efficiency.
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