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[ Abstract] By analyzing the impacts of Least Square Support Vector Machine(LS-SVM) model hyperparameter selection on the classifier, this
paper proposes a method using estimation of distribution algorithms with diversity preservation named EDA-DP to optimally select model
parameters of LS-SVM. Experiments are operated to recognize the benchmarks and radar High Range Resolution Profile(HRRP) datasets by using
LS-SVM classifier. Compared to the grid-based method, the average recognition rate of LS-SVM classifier based on EDA-DP are increased by 4.2%
and 1.76%. Experimental results demonstrate that the classifier model with EDA-DP achieves better classification ability and generalization
capacity.
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