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Target Recognition Method Based on kAS Feature
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[ Abstract] A method for target recognition in cluttered images is presented. The Canny operator and polygon are used to calculate and approximate

the contour curve, the k Adjacent Segments(kAS) feature is calculated, and the kAS codebook is obtained by using ISODATA clustering algorithm.
Block-weighted kAS histogram is used in feature extraction, Support Vectorl Machine(SVM) is applied to the training process and the classification

process. Experimental results show that this method can get higher recognition rate, with the property of translation and scaling invariance.
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