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[ Abstract] According to the periodic characteristics of electric load,a Three Dimensional Regression Model studies are
(TDRM) based on Support Vector Regression( SVM) is proposed. The power load characteristics studies are modeled as
three dimensional regression problems,such as hours, days and loads. The kernel functions of Support Vector Machines
(SVM) are designed as linear combinations of multiple kernel functions for separate parameter training, and the
parameter training algorithm is designed to gradually approach the optimum from multiple different paths. Simulation
results show that compared with the three layer neural network and the least square nonlinear fitting model, this model has
better performance in power load characteristics learning and prediction.
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