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Contourlet Domain Image Denoising Method
Based on Bayesian Estimation

LIU Sheng-peng, FANG Yong

(School of Communication and Information Engineering, Shanghai University, Shanghai 200072)

Abstract This paper proposes a Contourlet domain image denoising method based on Bayesian estimation. By using Contourlet transform, the
noised image is firstly decomposed into a low frequency subband and a set of multisacle and multidirectional high frequency subbands. The high
frequency coefficients of the original image are estimated by the minimizing Bayesian risk. The denoising image is gotten by performing the inverse
Contourlet transform to these estimated coefficients. Experimental results show that the denoising effect is better than that of other methods based on
Contourlet transform.
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NI 2469 22.20 2034 1881 1759 1650 1560  14.79
PSNR VS 2479 2428 2383 2363 2297 2286 2245 2216
HS 26.45 2522 2390 2340 2244 2145 2190 21.69
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