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Fast Human Eyes Tracking Method for Drowsy Driving Detection
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[Abstract] Aiming at the problem of eye tracking under the head movement varied in the process of drowsy driving detection, this paper proposes
an improved Mean-shift algorithm. By using pixel gray value distribution feature and the density distribution feature of target gradient direction, it
performs an alternate iterated operation for the two characteristics iteration formula, and carries the rotation and translation movement tracking better

for the moving target, so the method can improve the eye tracking under the head rotation in depth. Experimental results show that the method can

effectively track and position the human eye under multi-pose head movement.
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