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[ Abstract] For the problem of data lose in structural healthy monitoring system for the bridge, Granger causality test is introduced to calculate the
casual relation between two sensors, and select the sensor signal of larger relation as input vector for extreme learning machine to recover the lost
sensor signal data. The proposed data recover algorithm is tested in the case of the bridge structural health monitoring system, and the simulation

results indicate the algorithm is correct and efficient in theory and practice with the performance index for mean square error and largest error

absolute value, compared with Back Propagation(BP) network and Least Squares Support Vector Machine(LS_SVM).
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