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Population Diffuse PSO Algorithm in Dynamic Environment
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Abstract It is difficult for PSO to detect dynamic change of environment and response in optimizing process. Aiming at the problems, by adding
particles which are on the periphery for detecting the change of environment, this paper proposes a new diffuse population function to respond
change, and designs an algorithm named Diffuse Particle Swarm Optimization(DPSO). Comparison with APSO and CPSO, it can detect changes of
environment more effectively and track with optimum solution faster.
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initialize
for i=1 to population size M
pi=gi
if f(p;)<f(pe) then g=i endif
next i
do
if (pg OF Psenirv Changed)  then
reevaluate all
select particle diffuse by formula 3,4
select  Pyeniry
end if
for i=1 to Pso Number M
for j=1 to dimension size N
vi(tt D=y {vii(O+ & @, [pi(D)-xi(OI+ &, @, [pg(t)-x(D]}
Xijt+1)=x;()+vy(t+1)
next j
I £xi(t+1)<E(py(t+1)) then pi(t+1)=x,(t+1)
if £(pi(t+1)<f(p,) then g=i;
next i
if D(t)/D(0)< X then
select particle diffuse by formula 3,4

select Psentry

end if
until termination criterion is met
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