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[ Abstract] Based on a combination of Ensemble Empirical Mode Decomposition(EEMD) and multivariate phase space reconstruction, a new
combined forecasting model is proposed for fire time series by using Support Vector Regression(SVR). The fire time series is decomposed into a
series of Intrinsic Mode Function(IMF) in different scale space by using EEMD. The phase space of IMF is reconstructed by using of multivariate
phase-space reconstruction. Based on nonlinear SVR, a prediction model is developed for each intrinsic mode functions, and these forecasting results
of each IMF are combined with SVR again to obtain final forecasting result. Experimental results show that this method is more accurate than single
variable phase space reconstruction method and SVR method.
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