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[ Abstract] The slow target detection in the background of strong clutter has such problems as low Doppler frequency
shift, clutter interference, lack of robustness, feature extraction difficulties and inadequate information utilization.
Therefore,a target detection method of wideband signal based on deep self-coding network is proposed. The echo
information is analyzed by using time-frequency transform ,and the deep self-coding network algorithm is used to extract
the target deep abstract information in the time-frequency domain for target detection to accurately sense the
environmental change. Simulation results show that compared with traditional machine learning such as Support Vector
Machine( SVM) , Extreme Learning Machine ( ELM ) and Back Propagation Neural Network ( BPNN ) , the proposed
method can effectively detect environmental changes and has high robustness and detection performance.
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