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Semantic-based Scene Annotation Method of Sport Video

HUA Man
(School of Computer, Civil Aviation Flight University of China, Guanghan 618307)

[Abstract] This paper presents techniques and results on semantic annotation of sport video with active learning. It takes tennis video as examples
and defines 6 scenes containing semantic concept. The mid-level features such as court line, court color percentage, domain motion, camera move
pattern etc are extracted through analyzing the visual difference of semantic scenes. The Support Vector Machine(SVM) is used to classify the shots.

The proposed method employs a clustering based active learning scheme. It performs most representative samples selection as well as to avoid

repeatedly labeling samples in the same cluster. Experimental results show encouraging result compared with the traditional methods.
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