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[Abstract] The single model of the object with multiple working positions usually suffer from bad accuracy. To solve the problem, a Least
Squares-Support Vector Machine(LS-SVM) multi-model modeling method based on affinity propagation clustering is presented. In this method,
affinity propagation clustering is used to cluster training samples. The sub-models are trained by LS-SVM. The predicted values of the test samples
are estimated by the sub-models after it is classified by similarity measurement. The proposed method is applied for soft-sensing modeling to predict

the propylene concentration. Experimental results indicate that the proposed method has a superior regression accuracy and good generalization

ability.
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